Improvement of auroral 3D reconstruction methods
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S % Solution(2): Use the state-of-the-art 3D reconstruction and
¥ visualization techniques based on Al, e.d., Neural Radiance Field
(NeRF) or 3D Gaussian Splatting (3DGS).
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A + NeRF is a method based on Neural Radiance Field (NeRF)
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