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ﬁ“: Important principles of geology

The principle of cross-cutting relationships pertains to the formation of
faults and the age of the sequences through which they cut. Faults are
younger than the rocks they cut; accordingly, if a fault is found that
penetrates some formations but not those on top of it, then the formations
that were cut are older than the fault, and the ones that are not cut must be
younger than the fault. Finding the key bed in these situations may help

determine whether the fault is a normal fault or a

’@%Aﬁxmkﬁ
from SQuAD (a machine reading comprehension dataset) 5 EEEE%M l.l_c lr\
Raj pur_kar+. 201E. “Know What Yqu Don't Know: Unanswerable 5 E ‘j‘

Questions for SQuAD." http://arxiv.ors/abs/1806.03822.
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1. Supervised Fine-tuning (SFT) 2. Learning from Human Feedback (LHF)
using Direct Preference Optimization [DPO) [Rafailov+ 2023]
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B Discrimination, toxicity, and exclusion
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Towetkow. 2023, “Language Generation Models Can Causa Harm: 30 What Can'We Do About
It? An Actionable Survey.” In Proceedings of EACL-2023, 32953321,
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5I3Z : The advisor met with the advisee

because she wanted to get advice about job
applications.

W358 She! DEBL(E ?
B Advisor

B Advises

Brown, Tom, Banjamin Mann, Nick Ryder, Melanie Subbiah, lared D. Kaplan, Prafulla Dharfaasl,
Arvind Neslakantan, et al. 2020, "Language Madels Are Few-Shat Learners.” Advances in Meural
Infarmation Processing Systems 33:1877-1901.
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Shangbin Feng, Chan Young Park, Yuhan Liu and Yulia Tsvetkov: “From Pretraining Data to Language Models to Downstream
Tasks: Tracking the Trails of Political Biases Leading to Unfair NLP Models” ACL 2023 Best paper aword.
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